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A DataBank Microdata Data Catalog

pric Search data e.g. GDP, population, Indonesi

Q-

Inflation, consumer prices (annual %)

International Financial Statistics database, International Monetary Fund (IMF)
License : CC BY-4.0 @

Line Bar

« Share Consumer price index (2010 = 100)

@ Details

LABEL Wholesale price index (2010 = 100}
Bank nonperforming loans to total gross
loans (%)

Account ownership at a financial institution .
or with a mobile-maney-service provider,
richest 60% (% of population ages 15+)

Domestic credit provided by financial sector
(% of GDP)

Account ownership at a financial Institution >

or with a mobile-money-service provider,
poorest 40% (% of population ages 15+)

Bank capital to assets ratio (%)

Claims on central government, etc. (% GDP)

Download

- i
A S v o

EXCEL

33 DataBank
- Explore Our DataBank

Al 3.3 waniulameayafaiisnayusing (CPI)

Q Help/ Feedbad

(ﬁm . https://data.worldbank.org/indicator/FP.CPI.TOTL.ZG?utm_source=chatgpt.com)
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A = o £ F [ H I ) L ™ N o ]
1 | Country Name ~ | Country Codd ~ | Indicator Name | = | Indicator Ca ~ [2020 ~ N021 - 2022 023 ~ "a024 -
2 | Anuba agw Consumer price inde FP.CPLTOTL
3 Africa Eastern and Soutt AFE Consumer price ind FP.CPLTOTL
4 | Afghanistan A6 Consumer price ind¢ FP.CPLTOTL 158.20 16642 18024 18045 16854
5 |Africa Westem and Cent APW Consumer price ind¢ FP.CPLTOTL
6 Angola AGO Consumer price inde Fe.CALTOTL 464.14 168 70832 s0497 103229
7 Albania ALB Consumer price indt FP.CP1LTOTL 120.98 123.45 13175 138.02 141.08
8 |Andorra AND Consumer price indc FP.CPLTOTL
rab World ARB Consumer price ind¢ FP.CPLTOTL 1
10 United Arab Emirates  ARE Consumer price inde¢ FP.CP1TOTL 1212 1235 182 12021 12221
11 Argentina ARG Consumer price indt FP.CPLTOTL
12 Amenia ARM Consumer price ind¢ FP.CPLTOTL 13074 14013 15224 15526 155.68
13 | American Samoa Asm Consumer price ind¢ FP.CPLTOTL
18 Antigua and Barbude  ATG Consumer price ind¢ FP.CP1,TOTL 116.16 11856 127.48 13398 18225
15 Australia Aus Consumer price inde FP.CPLTOTL 120.81 12427 13247 13988 14430
16 | Aust AUT Consumer price ind¢ FP.CPLTOTL 110.60 12300 13351 14395 14818
17 Azerts Az Consumer price inde FP.CALTOTL 161.22 17194 195.76 2129 217.67
18 Burundi a1 Consumer price ind FP.CPLTOTL 195.44 msz L s 384.10
19 Belgium BEL Consumer price indc FP.CPLTOTL 117.98 12086 13246 137.82 12235
20 |Benin BEN Consumer price indc FP.CPLTOTL 1407 1604 1761 12083 12224
21 |Burkina Faso BFA Consumer price ind¢ FP.CPLTOTL 110.40 1443 1079 13176 13728
22 Bangladesh BGD Consumer price indt FP.CPLTOTL 189.91 w044 2586 237.20 26202
23 | Bulgaria BGR Consumer price ind¢ FP.CPLTOTL 11633 12017 13858 15167 155.38
24 | Bahrain BHR Consumer price ind¢ FP.CPLTOTL 116.02 1532 1050 11950 12069
25 Bahamas, The aHs Consunmer price ind¢ FR.CPLTOTL 1626 11964 12635 13020 13074
26 Bosnia and Herzegovina BIH Consumer price ind¢ FP.CPLTOTL 10379 10585 12069 12806 13023
27 | Belarus BLR Consumer price indc FP.CPLTOTL 536.54 8730 67663 71046 75157
28 |Belize 8Lz Consumer price ind¢ FP.CPLTOTL 106.28 10073 116.62 12173 12574
20| Raremurla A Consumer neice ind £9.£o1LTOTL
Data | Metadata - Countries | Metadata - Indicators ® o
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Investing.com
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tha 52 e

@® Ossam - 03:59:58 31555 = 35170 T
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Ml asWl dm&undessd memafia  assfaumn SETS0 83626 <409 +0.48% O o
. N . N Dow Jones 46,758.28 +238.56 +051% @ Jamaizad
mwon Senuanwimeenwh | madouni  duaeanadu
Us 30 4677000 +249.8
it 1 5 15 30 H SH 1D W ™ = nnwmemaiia o SZSECompo... 1352651 +47.08
USD/THB - aaaa1sandg uining ¢ 32.335 -0.105 (-0.32%) “ “ FTSE 100 949125 46352 +
Nikkei 225 45769.50 +832.77
32.5000
[
23500 AR PEGA

a il 3.5 uanafulaRaoyadnainisuaniaendung

(ﬁm . https://th.investing.com/currencies/usd-thb)
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[Bih | S KK S=E e e iy B OB EREZ O [
Mg [Bru-E-(6-A- STE ET Ewewedon - m-% 0 98 ERIIINL L 7T P ol BRRADSOGRE | TET SNN
whouzin [ s ™ (] sy (] e L el Adobe Acrobat Adobe Al ~
a1 - f | Fudaud ~
A B c (4] E F G H ) K L ™M N o P a R s T u v -
1 [Swdaud lavn  oede gme dan  dBna % Ao
2 12/1/2024 34.26 34.33 34.69 33,635 -0.03%
3 11/1/2024 3427 33.81 35.17 33.52 1.42%
4 10/1/2024 3379 32.405 3139 32.35 4.32%
5 9/1/2024 3239 34045 34.34 32135 -4.51%
6 8/1/2024 33.92 35.555 35.725 33.82 4.53%
7 7/1/2024 3553 36.73 36.89 35.5 -3.35%
8 6/1/2024 36.76 368 37 36315 -0.03%
Ll 5/1/2024 36.77 3718 37.25 35825 -1.10%
10 4/1/2024 37.18 36.37 37.2 36.235 2.23%
1n 3/1/2024 36.37 359 36.55 35295 1.37%
12 2/1/2024 35.88 35.55 36.23 35165 0.99%
13 1/1/2024 3553 34.39 35.89 34.105 3.44%
14 12/1/2023 3435 35.29 35.84 34,085 -2.72%
15 11/1/2023 3531 36.12 36.34 34.56 -2.30%
16 10/1/2023 36.14 36.55 3r.24 35855 -1.01%
17 9/1/2023 36.51 35.01 36.83 34.89 4.37%
18 8/1/2023 3498 .22 356 34135 2.25%
19 7/1/2023 34.21 35.31 3533 33755 -3.01%
20 6/1/2023 3527 3472 35745 3445 1.82%
21 5/1/2023 34.64 3413 34895 3349 1.52%
22 4/1/2023 3412 34.16 3452 33775 -0.12%
23 3/1/2023 3416 35.23 35.365 33.89 -3.01%
24 2/1/2023 35.22 32.87 3539 32645 7.25%
25 1/1/2023 3284 34.59 34.63 32.57 5.11%
26 12/1/2022 3461 35.14 35.17 34.47 -1.42%
27 11/1/2022 3511 38.06 38.08 3511 1.73%
28 10/1/2022 38.05 37.85 38.47 711 0.74%
70 affinry 2777 2k SR 22 46 3R 175 147% z
daswanuldvudouwds USD_THB ® “ »
wha B ® - 1 + 100%
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1 |Catego[ - |item -|Mm [*lvw - |Quantity - [value - |Country - [usd - |eor - |epi -]
15050 2,1|Chilled/Frazen Fresh Squid | &wa | 2000 0.03] £10,000.00] | | 7000611364 161.33|
16009
16010
16011
16012
16013
16014
16015
16016
16017
16018
16018
16020
16021
16022| 1
16023
16024
16025
16026
16027
16028
16029
16030
16031
16032
16033
16034
16035
16036
a_II Sheet? Australia | Sheatl +
win  Tusehrmss W om m - 1

m‘wﬁ 3.7 WAAINISATI9EAANIN (Missing Value)
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1 Categol - |item ~[MM__T|W |- |Quantity |- |Value - |Country - Jusd - |cor ~|epi -1
16008 7| Other Fishery Praducts |- | 2024] 3,806.18] B184,970,000.00] Myanmar | 34.26] 74079772652 289.01
16009
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16011
16012
16013 Microsoft Excel x
16014
16015 1, sl
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Pz [ v P

3.1.4.1 nsaesevreyadesnu AinnN1sAAsznaaalUsunTs Al Studio
Tnelalaiasiswes Weight by Correlation ii@ymMAMNE N NG IzaNsiaulsBasyiufaul sms
wazszyasaulsinddninanonisfeuulaswessioulsnns (Altar RapidMiner,2025)

m'l‘i’Nﬁ 3.1 LLNmfFﬁ Weight by Correlation

attribute Weight by Correlation
Quantity 0.974
Category 0.080
usb 0.042
GDP 0.027
CPI 0.027
YEAR 0.026
MONTH 0.025
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Training Set
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Random Forest
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